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Abstract

In the past three years, we organized three rounds of a
literary competition, in which human participants are
asked to co-create short stories in collaboration with
Al tools based on large language models. We col-
lect, process and analyze the stories, ratings and com-
ments by human judges, and participants’ reports on
their creation process. We gain various insights cen-
tered around several research questions: Which roles
do humans and Al tools take on in the co-creative pro-
cess? Where is human creative contribution necessary
in the co-creation process (if anywhere) to produce high
quality stories? What is the effect of literary and tech-
nical experience of the participants on the process and
results? Do Al tools support or inhibit creativity?

Introduction

There recently has been increasing interest in Al-generated
and co-generated stories and other literary texts (Teleki et
al. 2025; Ismayilzada, Stevenson, and van der Plas 2025),
with some results suggesting that Large Language Mod-
els (LLMs) can already be on par with humans or even
outperform them (Goémez-Rodriguez and Williams 2023;
Zhao et al. 2023; Porter and Machery 2024; Chakrabarty
and Dhillon 2026) — especially when using the English lan-
guage, for which the performance of LLMs is much stronger
than for other languages (Zhang et al. 2023).

In our work, we investigate the state and development of
capabilities of current LLMs for generation of short stories
in Czech, which is a medium-resourced Slavic language.
Over the past three years, we organized three rounds of a
literary competition which required the participants to sub-
mit short stories co-created with the help of LLMs as well
as potentially other Al tools. The stories were judged by
experienced human judges, who produced rankings of the
stories as well as some further insights. We combine these
with reports about the collaboration process, provided by
the competition participants, to analyze the co-creation pro-
cesses and its relation to the resulting quality of the stories.

All data and resources that we are allowed to share can be
found at our GitHub: https://github.com/ufal/aiai
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Research Questions
The main research questions we pose are:

1. Which roles do humans and Al tools take on in the co-
creative process?

2. Where is human creative contribution necessary in the
process (if anywhere)?

3. What is the effect of literary and technical experience of
the humans?

4. Do Al tools support or inhibit human creativity?

Main Findings
A summary of our main findings is as follows:

* Both humans and Al tools can take on any of the roles in
the creative process; but some scenarios are more typical
than others.

* Human creative input is important somewhere in the pro-
cess to achieve high-quality results; however, there is no
single point in the process that would require human con-
tribution.

* Too low as well as too high human involvement may be
detrimental to the quality of the result; optimal results are
achieved by a balanced human-AlI collaboration.

» Experience in using Al tools and sophistication of the
co-creation process are vital in producing a good output.
However, this may get less important over time as the Al
tools are significantly improving.

» Experienced writers did not outperform amateurs; writ-
ing experience does not seem to be helpful in the human-
machine collaboration.

* Al tools can support the existing creative potential in am-
ateur writers who lack some of the necessary writer skills.
If used adequately, they do not kill the creative process but
rather enable it.

» Experienced writers, capable of writing high-quality liter-
ature without Al help, were not observed to benefit from
involving Al tools directly into the creative process; this
rather disrupts the process and leads to worse results.
However, they can benefit from Al tools for auxiliary
tasks, such as research, proofreading, or critical feedback.



Round Year Focus Participants
1 2023  sci-fi, fantasy, horror 74
2 2024  detective story, thriller 23
3 2025 explicit fictional author 53

Table 1: Rounds of the competition

The Competition

The Municipal Library of Prague has been working with as-
piring authors for decades, providing them with various re-
sources, offering creative writing workshops, organizing lit-
erary competitions, etc. With the rise of LLMs and other
Al-based tools that can be used within the writing process,
our visitors have started asking about the role of Al in liter-
ature. Therefore, to fulfill our long-term goal of supporting
the creativity of people, we first started offering workshops
on utilizing Al tools for creative writing, and, eventually, de-
cided to organize a literary competition focused on human-
machine co-creation of short stories.

Competition Settings

Over the past 3 years, we organized three rounds of the com-
petition (see Table 1). The task was to produce a short story
with some involvement of some Al tools. The language of
the short stories was Czech (with the possibility to create
the story in English and translate automatically to Czech).
The competition is primarily targeted at Czech and Slovak
starting authors, although we do not actively exclude other
participants. It is publicized through a wide range of chan-
nels, including organizers’ websites and newsletters, rele-
vant Facebook groups, mailing lists of participants of writ-
ing workshops, other literary competitions, etc. Due to our
long-term collaboration with aspiring authors, we are gen-
erally well connected with them and can thus reach them
rather efficiently. Some participants have taken part in mul-
tiple rounds of the competition.

After announcement of each round, the participants have
several months to turn in their submissions via e-mail. Af-
ter that, the submissions are judged by human judges, and
authors of the top 5 stories are then invited to a mod-
est ceremony at the library in Prague. The competition
has a minimal budget, with a lot of community volun-
teering, and with symbolic prizes offered by several lo-
cal sponsors to the top 5 participants in each round (typ-
ically books, stationery, and Al-themed artifacts). We
are preparing to publish some of the best stories in a
dedicated anthology, and they are also currently being
published in audio format read by a synthesized voice:
https://talk.youradio.cz/porady/nova-vlna

The length limit for the stories in the 1st round of the com-
petition was 3600 characters (including spaces), and 5400
characters in the 2nd and 3rd round (i.e. approximately 2-3
pages of text). Each round had a special focus, designed to
test various aspects of the co-creation process:

2023: sci-fi, fantasy, horror The first round was designed
to investigate the originality of the stories and the ability
to meaningfully operate and reason about fictional worlds
with different rules of functioning. This is in principle

difficult for LLMs, since they tend to generate typical
rather than extraordinary, clichés rather than peculiarities
(Holtzman et al. 2020); and also since they are typically
able to reason only within the rules and functioning of our
real world (Wei et al. 2022).

2024: detective story, thriller The second round targeted
the ability of LLMs to work with concealed information,
known to the creator from the start but only revealed to the
reader at the end. This is in principle difficult for LLMs
since they have no concealed mechanism to pass on infor-
mation into future (Salem, Paverd, and Abdelnabi 2026),
they can only use the open text (except for modern rea-
soning models, which were not yet widely available at the
time of the 2nd round).

2025: explicit fictional author In the third round, we de-
cided to further explore the paradigm used by the winning
submission to the second round: first design an explicit
author persona and then condition the generation process
on the persona. (The authors were asked to also submit
a bio of the fictitious author, of up to additional 1000
characters.) This also plays with the common descrip-
tion/critique of Al-generated texts not having an author
(Craig and Kerr 2025) by providing an author with a name
and biography, even though non-existent.

As an example, we enclose the winning short story from
the 3rd round in the appendix.

Competition Reports

Apart from the co-created stories, we also collected reports
in which the participants detailed their co-creative process.
In the first round, the participants were instructed to submit
a free-form unstructured DOC(X) report specifying the Al
tool(s) used, record/description of their interaction with the
tools (ideally a full listing of the prompts and interactions),
to what extent they feel to be the author of the story (0% to
100%), and a short account of how the interaction with the
Al tools was. In the second round, we additionally asked
how experienced they are with Al and how experienced they
are in fiction writing. In the third round, we also asked to
what extent Al was used to create the persona of the author
(0% to 100%). We did not collect any other demographic
information about the participants.

Analyzing Reports

The reports provide very valuable data for our investigation;
however, all the information is self-reported by the partici-
pants and thus inherently unreliable to some extent. Unfor-
tunately, there are various gaps, as not all reports contain all
the information that we would like to have. Moreover, the
reports are not structured in any consistent way. We delib-
erately decided to make the instructions as simple and low-
barrier as possible, and to be rather benevolent with what
the participants submit, not to discourage people from par-
ticipating. This, in turn, leads to the automated analysis of
the reports being somewhat complicated.

For this reason, the first phase of the report analysis was
done completely manually. One member of the research
team manually went through all of the submitted reports,



interpreting the provided information in a structured way
and collecting it in a table. In this way, we collected the
simpler information that we explicitly solicited (tools used,
authorship, writing experience, Al experience), as well as
some semi-structured information about the writing process
(e.g. structure of collaboration, roles of human and Al in the
process, author of the theme, who did the final editing, inter-
esting observations). Categories for frequent responses were
designed and updated on the fly as necessary, with still some
responses not fitting any of the categories (and some aspects
missing altogether in the reports). Subsequently, an LLM
pipeline was used to analyze the table and the reports to
identify potentially interesting findings that can be based on
the data. The main findings suggested by the LLM pipeline
were then verified with the data, and further analyses and
correlations were computed using standard statistical tools.

All the reported findings are based on our manual or man-
ually verified analyses of the reports and stories (apart from
the automated quality evaluation; see later). The strength of
our findings and resulting claims is naturally limited, as we
are dealing with somewhat noisy and unreliable data pro-
cessed in a somewhat noisy way (e.g. we needed to inter-
pret the authors’ self-reported Al expertise, communicated
in various ways, as falling into a limited set of categories,
in order to correlate it with the quality of the submissions).
In general, we assume that some reports may contain inad-
vertent inaccuracies or omissions; however, we expect these
errors to be random rather than systematic, and therefore
unlikely to substantially bias the aggregate analysis. More-
over, we note that the participants had no incentive to lie in
their reports, as the reports were not taken into account in
the competition itself.

All our data that we are allowed to make pub-
licly available are shared in our GitHub repository at
https://github.com/ufal/aiai. This includes the
calls for participation with author instructions, the top 5 sto-
ries from each round, tables with data analyses, and various
support scripts. Unfortunately, we are not allowed to pub-
licly share the reports; a shortcoming which we intend to
fix with the next competition round, potentially additionally
also asking the authors of the previous rounds whether they
would consent to making their reports publicly available.

Additionally, as an example of report analysis, we enclose
a more detailed analysis of the report for the winning sub-
mission from the 3rd round in the appendix.

Quality evaluation by human judges

Within the competition, the stories are independently rated
by several human judges (6 judges for the 1st and 3rd round,
7 judges for the 2nd round), with each judge reading all of
the submitted stories and ranking the top 21 of them.
Judges were recruited from three areas of expertise (with
some judges belonging to multiple of these categories):

Librarians Readers with immense reading experience and
vast knowledge of books (but not necessarily any exper-
tise in creative writing).

Authors Both professional and amateur fiction writers
(each with at least one published work). They have some

degree of writing expertise and thus evaluate not only
their impression of the work but also how the author
works with the text.

Al experts Experts with understanding of Al functioning,
experienced with dealing with LLM outputs.

Mixing various kinds of expertise among the judges ensures
that the highest-ranked stories are of a good quality ideally
in all relevant aspects.

The judges only have access to the submitted stories but
not to the reports. The formulation of the task for the judges
is as follows: ‘Read the texts as standard short stories and
select those that you subjectively like the best’. Each of the
judges independently reads and ranks the stories submitted
to the given competition round, and their rankings are then
combined into one overall judges score. The top 5 stories
are then announced as winners.

The exact mechanism of the ranking is inspired by other
Czech literary competitions, using a “pyramid setup”: each
judge ranks 1 story at rank 1, 2 stories at rank 2, 3 stories at
rank 3, etc., up to 6 stories at rank 6. In this way, each judge
only ranks the top 21 stories according to their evaluation;
this is because it is easier and more important to differentiate
between the best texts than between the worst texts.

The ranks are then converted to points using the formula
points = 60/rank; the assigned ranks 1-6 are thus con-
verted into 60, 30, 20, 15, 12 and 10 points (or O for non-
ranked stories). The points from individual judges are then
summed up for each submission, and the submissions are or-
dered by the resulting judges scores. The nature of the rank-
ing mechanism leads to the fact that there are rarely ties on
the top places (which is good for announcing winners), but
very often ties at several of the bottom places (which does
not matter). In our work, we use the resulting judges scores
of the stories in each round as the ground truth evaluation of
their quality, and correlate it with various other aspects.

Insights from the Judges

Besides the official ranking, many of the judges actively
communicated various additional insights and comments
with us. Moreover, several of the judges took part in judging
multiple rounds of the competition, we can thus gain some
absolute as well as relative insights. The judges’ comments
were communicated in a non-structured informal way; in
this section, we summarize interesting insights which we
gained through this communication.

In the first round, the quality of the stories was quite low,
with a lot of repetitiveness and homogeneity; the second
round was somewhat better but not strongly. In the first two
rounds, the judges thus agreed that the task of selecting the
top 5 stories consisted of identifying stories that were good
and/or interesting at least in some aspects, but generally be-
ing ‘bearable’ rather than really good.

However, the third round of the competition showed that
the quality of the available Al tools is already high enough
to potentially reach the writing quality of a mediocre human
writer, even when using simpler approaches. The judges
agreed that they observed a significant improvement in qual-
ity between the 2nd and 3rd round. All the top 10 stories



were interesting, and the task was to select the 5 best stories
among 10 relatively good candidates.

Although all judges knew that the stories are partially gen-
erated, in the third round we also had reports that for some of
the stories, the reader temporarily forgot that they are read-
ing a generated text. Some judges reported that some of the
generated stories elicit thoughts in them, and/or spark emo-
tions; qualities traditionally attributed to human works but
assumed unattainable by generated works.

However, there are still qualities that seem hard or im-
possible to reach with current Al tools without considerable
human creative intervention, such as building an intriguing
plot with a strong plot twist and/or a sharp point. The LLMs
are getting increasingly better at the writing craft, but fail to
provide sufficient amount of creative input; the human con-
tribution is still important in this aspect.

Comparison to human literary competitions As many
of the judges also have experience in judging competitions
of fully human-written texts, they shared some similarities
and differences between these and our setting.

First, in both fully-human amateur competitions as well
as our human-machine co-generation competition, they ob-
serve that the vast majority of the submissions in the com-
petition are dull and uninteresting.

However, Al tools seem to struggle more with aboutness
and interestingness than human authors. In the co-generative
competition, the good stories are thus those where the hu-
man co-author managed to creatively provide these quali-
ties; through various ways though, including providing the
creative input at the beginning, and/or selecting sufficiently
creative ideas from multiple generated variants, and/or en-
riching a first dull version of the story with manually pro-
vided ideas on making it more interesting and letting the Al
tool to iteratively incorporate the human creative input, etc.

On the other hand, in fully human competitions, there is
typically a certain amount of submissions where the inex-
perienced human authors clearly struggle with the craft of
writing; this is mostly missing in the co-creation setting, as
the current Al tools are masters of the writing craft.

The general sentiment is that the top stories from the 3rd
round of the competition could successfully compete with
fully human-written texts in standard literary competitions,
probably ranking near the top in smaller amateur-focused
competitions, and maybe somewhere in the middle in big
competitions with participation of professional writers.

Automated Quality Evaluation

We have also run an automated LLM-based evaluation of
creativity, to examine usefulness of such automated evalua-
tion in this setting, and to gain more detailed insights into
how LLMs perform in various aspects of creative writing
and how this changes over the years.

LLM-based evaluation is currently a usual choice for au-
tomated evaluation of natural language generation, surpass-
ing previous approaches, although there are also numer-
ous concerns, such as reproducibility of the results (Kar-
tac, Lango, and Dusek 2025). LLMs often demonstrate re-
spectable correlations with human ratings, especially when

LLM-based Average Corr/Score

quality 23’24 25| 23 24 25
Characteriz. | 3.2 4.0 5.7 | 0.63 0.71 0.29
Plot 32 39 57|05 069 0.33
Setting 33 42 64057 059 031
Conflict 30 39 56 |064 067 035
Theme 29 35 541052 043 0.26
Voice 36 42 62061 058 0.36
Craft 36 42 60| 044 066 0.38
Originality | 2.5 3.1 5.1 | 065 049 0.24
Creativity 25 31 53070 048 0.27
Avg score 3.1 38 571|068 068 034

Table 2: Average automated quality scores per round ob-
tained through LLM prompting (0-10, higher is better) and
their Spearman correlation coefficients with judges scores.

the evaluation targets semantic properties of the text rather
than formalistic properties (Marecek et al. 2025). A com-
mon issue may be a high variance and low agreement of the
scores, which is often due to too simple prompts; it has been
shown that more reliable results can be obtained by prompt-
ing the models with explicit checklists of features/qualities
that the LLM should explicitly evaluate (Lee et al. 2025).

Our evaluation prompt is based on LLM Creative
Story-Writing Benchmark V4 (Mazur 2026). The benchmark
defines 8 criteria to evaluate the quality of generated stories,
evaluated on the range 0-10 (higher is better). Detailed def-
initions of the categories are used as a prompt for LLMs as
judges, with explicit checklists of expected positive prop-
erties as well as common failures. The 8 categories eval-
uated by the benchmark are: Characterization and Motiva-
tion; Plot, Structure and Causality; Setting, Atmosphere and
Specificity; Conflict and Stakes; Theme and Subtext; Voice
and Point of View; Prose and Line-Level Craft; Originality
and Ingenuity.

However, none of the categories evaluates creativity as
such, although the last category goes in that direction to
some extent. Therefore, for our experiments, we enriched
the framework with a 9th category specifically targeting
evaluation of overall creativity. The creativity dimension
of the rubric operationalizes the standard research defini-
tion of creativity as the production of artifacts that are both
novel and appropriate within a given domain (Runco and
Jaeger 2012; Amabile 2018). To capture this construct in
narrative texts, the rubric evaluates the presence of orig-
inal combinations of familiar elements, transformation of
genre conventions, productive surprise, and the functional
integration of novel ideas into the story’s structure and
meaning, drawing on theoretical models of creative cogni-
tion and creative products (Boden 2004; Simonton 2012;
Besemer and O’Quin 1999).

We used Gemini 3 Pro Preview LLM. The full prompt
(8,253 words) and codes are part of our GitHub repository.

Table 2 lists the results of the automated evaluation; we
list the average score of each metric over all stories, average
of all the 9 metrics, and the correlation of each of the scores
with the judges score (Spearman correlation coefficient).



The correlations are rather strong for the first two rounds,
mostly between 0.5 and 0.7 for the individual aspects and
nearing 0.7 for the average, showing that the automated eval-
uation is rather reliable. However, for the last round, the
reliability drops dramatically; we assume this is due to the
measures being computed with current models, which are
good at rating the weaker older models but not for current
similarly strong models (Thakur et al. 2025).

Note that the judges did not provide scores stratified along
these 9 dimensions; the judges score is one-dimensional, and
we thus correlate all of the categories with the same score.
As a good story should be good in all of the 9 aspects, it is
reasonable to expect a moderate correlation of each of the
scores with the judges score, but a very high correlation is
not expected as each of the scores only evaluates one of the
important aspects. For the same reason, a higher correlation
is expected (and is indeed observed) for the average of all the
scores. The differences of the individual score correlations
between the rounds may also suggest that some of the as-
pects have different importance in the rounds; e.g. original-
ity and creativity may be more important in the sci-fi/fantasy
round than in the detective story round.

We can see that the absolute quality is rather low, with
averages between 3-6 points (although individual stories
scored up to 8.0). Moreover, the Originality and Creativity
scores are among the lowest, confirming that LLMs struggle
with the creative aspects of story-writing more than with the
more technical skills (the craft). On the other hand, we can
clearly see the improvement in quality between the rounds
in all aspects.

Human-Machine Interactions

The mode of interaction between the human and the Al tool
can have a large impact on the quality of the output as well as
the feelings and satisfaction of the human (Issak, Rezwana,
and Harteveld 2025). One of our interests is what roles do
humans and the Al tools take on in the creative process, how
they collaborate, and what are the effects of the approach.

The writing process consists of several steps and corre-
sponding roles (the actual steps may vary for individual au-
thors to some extent). Our general observation here is that
both humans and Al tools can take on any of the roles in the
creative process; but some scenarios are more typical than
others. To achieve high-quality results, human creative in-
put is important somewhere in the process; however, there is
no single point in the process that would require human con-
tribution. In the competition reports, we have seen a great
variety of division of the tasks between the human, the Al
tools, or a collaboration of both, and we have not identified
any single step in the process that would always be done by
the human or always by the machine.

Source of the Story Idea

As an example, we can look in more detail at the ideation
role — the invention or emergence of the main idea of the
story — which typically takes place somewhere at the begin-
ning of the creative process (but the idea may also emerge
and/or evolve later during the process).

Competition year \ 2023 2024 2025
Initial idea from AT | 30% 50% 60%

Table 3: Stories where the initial idea for the story is Al
generated, not human-provided; in tens of percent.

In their concept of framework authorship, (Piorecky and
Husarova 2024) assume that the human contribution is cru-
cial at the beginning and end of the creative process: they as-
sume that the most important human creative input is in the
idea of the story and plot, and that a human is also needed to
eventually decide to publish the story.

In the reports, we have encountered various approaches,
such as having human creative input at the very beginning
of the process, or have the Al tool propose the main idea of
the story, or having the Al tool suggest multiple ideas with
the human then choosing from them. Our observations thus
do not support the assumption of Piorecky and Husarova.

As most of the authors explicitly stated whether the story
idea came from the human or the machine, we can even an-
alyze this quantitatively. Table 3 shows the proportion of
stories where the idea was Al-generated. We can see that al-
ready in the first round, 30% of the submissions were based
on an Al-generated idea, with the proportion steadily rising
up to 60% for the 3rd round.

The situation is similar with all the other steps and roles
in the creation process.

Typical Co-creation Scenarios

Based on the reports, we can approximately describe several
generally common approaches, although many submissions
deviate to some extent from these prototypical scenarios:

One-click generation The most basic approach is where
the human provides only a simple prompt (or even just a
copy-paste of the competition task), without much or any
creative input, and submits the first output that the LLM
generates. This approach is typical for inexperienced Al
users and does not often lead to good results.

Human as orchestrator Here, the core of the human cre-
ative input is provided at the beginning of the process,
defining e.g. the idea, task, style, requirements, prefer-
ences, and/or direction. Then, the Al tool is used to con-
vert the detailed instructions and/or ideas into text. Fi-
nally, the text is curated and iteratively refined through hu-
man intervention by dialogically instructing the Al tool to
perform specific improvements. Some participants, espe-
cially those with extensive Al experience, use rather com-
plex prompt design and/or combination of several clearly
defined steps in the process to carefully guide the gener-
ation process step by step (sometimes, even the steps to
take are suggested by the Al tool). This is one of the most
successful approaches, based on true human-machine col-
laboration, with a varying degree and kinds of creative
contributions of both the human and the Al tool(s).

Human provides detailed input A variation of the human
orchestrator scenario, where the focus is not on the com-
plexity of the prompt and setup, but rather the detail of



the provided input. Here, the main creative contribution
is by the human, who provides a detailed outline or even
a draft version of a text. The Al system is then instructed
to convert the input into a well-written story, but the focus
is on its mastery of the writing craft rather than its cre-
ative input; the Al tool functions as a post-editor and/or
ghost-writer rather than a full creative partner. Therefore,
the success of this approach is determined by the quality
of the provided input, and is thus successful with partici-
pants who are themselves able to build a good story plot.

Human as editor Here, the Al tool has the major creative
contributions, by being only lightly instructed, having a
lot of freedom to decide what to write and how to write it
(and typically also writing it). Then, the human takes over
as an editor rather than a creative co-author, manually
editing the generated text (sometimes even massively).
This approach is usual with users with little Al experi-
ence but some writing experience. The results are often
poor, as the Al-generated draft is often of low quality and
thus difficult to turn into a good story. Experience also
shows that manually editing the generated text can make
it stylistically inconsistent; better results may be achieved
by indirect editing through dialogically instructing the Al
tool and thus iteratively refining the text.

Al only for auxiliary tasks This is a typical way of using
the Al tools by experienced writers. The text is fully writ-
ten and edited by the human, with Al tools used for aux-
iliary tasks (brainstorming, research, beta-reading, sug-
gesting improvements, etc.) but not for directly editing
the text; the human keeps full control over the text. This
approach is thus successful if the participant is already
experienced in writing.

Although the approaches are highly varied, we observe
that the Al tools are good at the writing craft itself, but usu-
ally require human creative input to make the story novel
and interesting. We can thus think of the optimal role of
the human in the writing collaboration as a sort of creative
leadership and curatorship, guiding the creation process but
letting the Al system do most of the actual writing.

However, there is, by far, not a single optimal setup; all of
the aforementioned approaches were used at least for one of
the top 5 stories in at least one round of the competition.

Usefulness of Al tools for creators

Based on the reports, we note that the usefulness of Al tools
typically differs for amateur writers and for professionals.

Most of our participants have no or low experience in
writing, but many of them express a long-lasting desire to
write; they have simply always lacked some of the neces-
sary skills and thus had not been able to write satisfactory
texts. For them, the Al tools are enabling, finally making it
possible for them to become authors or co-authors of literary
texts of reasonable quality, unachievable for them without
the support of the tools. This is a sort of prosthetic usage of
the tools, compensating for some weaknesses or disabilities
on the participant’s side.

Experienced writers, who are capable of writing high-
quality literature without Al help, do not benefit from in-
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Figure 1: Distribution of the amount of Al contribution.

Competition year | 2023 2024 2025
Average Al contribution | 59% 53% 67%

Table 4: Average author-reported Al contribution.

volving Al tools directly into the creative process; this rather
disrupts the process and leads to worse results. However,
they can benefit from Al tools for auxiliary tasks, such as
research, brainstorming, proofreading, or critical feedback.

There is an ongoing discussion whether Al tools support
or kill creativity in humans (Alegaonkar and Avachat-Shirke
2023; Alzubi, Nazim, and Alyami 2025; Ingle 2025). Based
on our observations from the competition, we see that if the
Al tools are used adequately, they do not influence the cre-
ative process negatively. They can support amateur writers
by augmenting them with skills they lack to let them fully
utilize their creative potential. In this setting, we do not see
the threat of limiting their future creative potential (Kumar
et al. 2025), as without the tools, they would not create any-
thing anyway; however, there is always the threat of limiting
one’s cognitive capabilities in general through reliance on
Al tools (Kosmyna et al. 2025), which we do not measure.

For professional writers, it makes little sense to use the
tools substitutively to automate skills which they already
have, but the tools can nevertheless support their creative
process by helping with other related tasks.

Optimal Al/human balance

Looking beyond the actual roles taken on by the humans and
the Al tools, we can zoom out to investigate the proportion
of Al contribution in the process and its effect on the quality
of the results. Bear in mind that the amount of Al contri-
bution is estimated and self-reported by the participants and
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Figure 2: Relation between (self-reported) share of Al on
the creation process and final rank in the competition.



Tool \ 2023 \ 2024 \ 2025
GPT 57 77% | 19 83% | 38 72%
Gemini 7 9% 2 9% 8 15%

Claude 0 0% 3 13% 4 8%
Copilot 8 11% 0 0% 3 6%
other 7 9% 2 9% 2 4%

Table 5: Tools used by the participants. Some participants
used more than one tool. All versions of the tools are
grouped together; most participants used the most advanced
version widely available at the time of the competition.

may not be completely trustworthy, all the results in this sec-
tion thus inherently have only limited reliability.

Figure 1 and Table 4 show the amount of Al contribution
over the three rounds of the competition. While the average
share of Al rises slightly over time, it varies a lot among the
individual submissions and is rather spread out.

Figure 2 analyzes the relation between the share of Al in
the process and the final rank of the resulting story in the
competition. From this, we can draw some more specific
insights, although even here the situation is quite varied.

In general, a meaningful and balanced Al-human collab-
oration seems to be more successful than extremely large
or extremely low Al share; however, the range of optimal
Al share lies approximately in a broad range between 30%-
80%, and successful outliers still do exist.

In the earlier rounds of the competitions, better results
were achieved rather with lower Al contribution, but this ef-
fect gets weaker with each round: in Ist round, there was
a correlation of 0.36 between low Al share and good rank
in the competition, but this drops to 0.19 for 2nd round and
0.09 for third round. It still holds that some human creative
contribution is necessary to achieve good results, but the re-
quired amount gets smaller each year.

Fully Al-generated stories with reported O human contri-
bution all ranked last in the 1st round, whereas in the 3rd
round they ranked around 30th place on average. The best
fully generated story ranked as high as 11th place, thus al-
ready outscoring most stories with some human contribution
(it was created by a participant with very high Al experience
as well as literary experience).

Tools used

In Table 5, we provide an overview of Al tools used by the
participants; the tools grouped under the label ‘other’ in-
clude: you.ai (3x), poe.com, Deeply, WizzardLM, DeepL,
Bing, and Perplexity (all 1x). The distribution is rather sta-
ble across the rounds, with GPT-based tools being a stable
default for most participants; this of course limits our ability
to draw any strong findings, as all of the other tools are used
only rarely. Nevertheless, we did not observe any significant
links between the tool(s) used and the quality of the output;
it seems the approach matters more than the tools.

Effect of Experience

We now investigate the effect of the experience of the human
along two dimensions: technical experience in using the Al
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Figure 3: Effect of technical experience

Al experience | None/  Intermediate/

(self-rep.) Beginner Advanced
All 43% 57%
Top 10 26% 74%

Table 6: Self-reported technological experience, proportion
over 2024 and 2025 combined (the proportions were similar
in each round). As the detailed categories were slightly dif-
ferent between the years, we combined them into only two
coarse-grained categories.

tools, and literary experience in manually writing texts.

Effect of technical experience and complexity

Our investigations clearly show that experience in using Al
tools as well as sophistication of the co-creation process are
vital in producing a good output.

Table 6 shows that approximately half of our participants
describe themselves as inexperienced in using Al tools,
while the other half see themselves as advanced Al users.
However, the vast majority of the human co-authors of the
top stories are technically experienced. Figure 3 paints an
even stronger picture, showing that all of the highly expe-
rienced Al users scored very high in the 3rd round (within
the first 11 places), while only 2 Al-beginners scored in the
top 10. On the other hand, the winning submission of the 3rd
round was actually by a self-described Al beginner, showing
that the current generation of Al tools can be successfully
used even by less experienced users.

In the reports, the participants gradually report that the in-
teraction with the Al tools is getting easier and more pleas-
ant. In the first round, they often reported that using the
tools resembled a fight rather than collaboration, requiring a
lot of manual work to achieve a bearable result, the process
was often frustrating, and the final text was typically still
rather disappointing. In the second round, the interaction
with the tools got easier, but the results did not improve so
much. However, in the third round, the participants were of-
ten very satisfied both with the process and with the results.
They commonly describe the process as easy, pleasant, with
the tools following well their wishes and instructions, and
requiring much less manual interventions into the process.

Through manual investigation of the reports, we have also
observed that the approaches used by the participants are



Corr. of score with \ Approach Al skills  Lit skills

2023 0.28
2024 0.42 0.23 0.13
2025 0.06 0.30 0.02

Table 7: Spearman correlation of the judges score of the
short story with the complexity of the approach (estimated
as the length of the report, in characters), self-reported Al
expertise, and self-reported literary writing experience.
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Figure 4: Effect of writing experience

getting more advanced and complex. As an easily quantifi-
able approximate proxy for approach complexity, we use the
length of the reports (number of characters); we observe that
the reports get longer by approximately 25% between 2023
and 2024; the length stayed similar between 2024 and 2025.

Table 7 correlates the judges scores of the stories with the
approach complexity and technological expertise of the par-
ticipants, typically showing moderate to strong correlations.

The effect of approach complexity practically disappears
in the third round. This is in line with our observation
based on the reports that in 2025, even simple one-click ap-
proaches are starting to achieve competitive results, suggest-
ing that the Al expertise and approach complexity may be-
come less important in future, as the Al tools are gradually
improving and are increasingly successful in following even
simple naive instructions.

Effect of writing experience

On the other hand, we did not find any effect of experi-
ence with literature writing on the resulting quality of the
co-created stories; see the weak to negligible correlations in
Table 7 and the very similar distributions of scores among
the participants in Figure 4. It thus seems that writing expe-
rience is not helpful in co-creation of stories with Al; proba-
bly because many of the writing skills are well automated by
the LLMs, and it is rather experience with the Al tools which
is crucial in the process. Still, we note that the vast majority

Writing exp. | None  Beginner Experienced
All 39% 47% 14%
Top 10 42% 42% 16%

Table 8: Self-reported writing experience, combined over
2024 and 2025 (the proportions were similar in each round).

Word Stories containing it
dark, darkness 45 61%
mystery, mysterious | 39 53%
shadow, shadowy 38 51%
night 37 50%
forest 27 36%
whisper 21 28%

Table 9: Number and proportion of stories in the 2023 round,
containing the selected genre-typical/cliche words.

of our participants have zero or little writing experience (see
Table 8), our data for experienced writers are thus limited.

On closer investigation, we noted that although there is
no meaningful difference in the scores of literary amateurs
and experts, there are differences in their struggles. What
we observed with amateur authors is that if they e.g. do too
much editing of a generated text, they often worsen its qual-
ity, as they do not have the experience in producing good
texts. However, experienced authors struggle differently, as
they have too much experience in producing good texts, and
thus are not willing to accept a lot of what the Al tools gen-
erate. They tend to fight with the Al tools, or even compete
with them, unable to accept the Al tool as a creative partner
and to meaningfully collaborate with it.

Round-specific Findings

1st Round: struggle with homogenization and
fictitious worlds

The first round focused on science-fiction, fantasy and hor-
ror stories. We found that the submitted stories typically
struggled with originality, to the extent that many of the sto-
ries were quite similar to each other, featuring similar plots
and other features. Specifically, the most common plot was
a horror story of a group of young people finding an aban-
doned house in a dark forest; upon entering the house, they
experience an unpleasant encounter with a mysterious figure
(this plot appeared in more than 10 of the stories). We also
noted that there are apparently some genre-typical words
that appear way too often in the generated stories (see Ta-
ble 9). The style and structure of the stories was often sim-
ilar, with a lot of clichés, predictable themes and develop-
ment, shallow plot, pathos, and a happy ending. All of these
are clear examples of the phenomenon of LLM homogeniza-
tion (Anderson, Shah, and Kreminski 2024), where individ-
ual outputs are not necessarily bad on their own, but inves-
tigation of a larger amount of generated texts reveals their
high similarities in many aspects; a literary competition with
a fixed task is exactly a great setting for observing this effect.
In 2023, the Al tools also still struggled with the writing
craft in Czech language, with many texts being rather out-
lines or descriptions of a story than actual engaging stories.
We also observed e.g. a low amount of dialogue and other
good storytelling practices (we gradually see more and more
dialogues embedded in the stories in subsequent rounds).
As for the fictional theme of the round, we observed
that LLMs could design fictitious worlds that function dif-



ferently from our world (e.g. by having magic), but then
failed to meaningfully utilize the introduced mechanisms
(e.g. to use magic to resolve the plot). This is due to the
fact that surprisingly, LLMs can work as a simulation of
the real world to some extent as they have gained the emer-
gent capabilities of reasoning about our world even with-
out having direct access to it, just based on the texts in the
training data talking about the world (Zhang et al. 2025;
Ge et al. 2024). However, this is a difficult and complex
capability that only emerges with training on a large amount
of texts about the world. For the invented fictitious world,
the models have not been trained to reason about it — unless
it is a fictitious world well-represented in the training data
(Shostack 2024) — and are unable to grasp the logic of the
just-introduced world only through a zero-shot exposure to
its brief description.

2nd Round: Concealed Information

The second round focused on detective stories and thrillers,
where we specifically were interested whether the LLMs can
work with concealed information, as a typical decoder-based
language model has no actively controlled hidden memory
and can only explicitly pass information forward through the
generated text. Note that this was before reasoning models
became widely available (Huang and Chang 2023) which
bypass this limitation by generating the ‘reasoning’ text that
does not become part of the returned output and thus can
easily work with concealed facts (Cheng et al. 2025).

We found the LLMs to mostly fail, with a tendency
to reveal the secret too early. Successful approaches in-
cluded simulated reasoning with multi-step/hierarchical se-
tups, where the secret was not technically hidden, but it was
overt in intermediate generated texts which did not form the
final output (e.g. an outline generated as a middle step be-
fore generating the story itself) and thus served as a sort of
memory for the language model.

The homogenization/cliché problems got weaker com-
pared to the previous round, although still present to some
extent (e.g. 4 of the top 5 stories take place in a library).

3rd Round: Explicit Personas

The third round required the participants to work with an ex-
plicit persona of the virtual author within the prompt. The
approach to creating the persona was as variable as the story
generation, with some participants describing the persona
fully manually, some using a fully generated description,
and some co-creating the description in human-AlI collab-
oration. Nevertheless, conditioning on the explicit persona
seemed to lead to more diverse and interesting outputs (Hu
and Collier 2024). To some extent, this pushed all of the
participants to use a more complex approach, which may ex-
plain part of the higher quality of the resulting stories. While
the judges’ evaluation focused mainly on the stories, there
was feedback that even reading the virtual author biogra-
phies was rather enjoyable, with some of the biographies
being more interesting than the story.

4th round: Humor?

In the 3rd round, some participants managed to successfully
incorporate humorous elements into the short stories, con-
firming the recently emerging findings that LLMs can al-
ready produce humorous texts in various languages to some
extent (Wu, Weber, and Miiller 2025; Inacio and Oliveira
2025; Amir 2025). This was positively noted by some of the
judges as a new development, as the previous generation of
Al tools was not yet capable of producing satisfactory hu-
morous elements in Czech language. Also, several of the
participants suggested to focus on humor in the next round.
We thus believe that the time is ripe to explore how humans
and machines can co-create humorous texts. Our provisional
hypothesis is that current Al tools can already produce hu-
morous elements in the text, but are not yet good for evaluat-
ing their success in doing that; we thus believe that the usual
role distribution would be utilizing Al creativity to propose
humorist elements, followed by employing human capabil-
ities to assess their quality and select the ones that people
will actually find both good and funny.

Conclusion

In each of the past three years, we organized a literary com-
petition of short stories co-created by humans and Al tools.
In this paper, we analyzed the submitted stories as well as the
reports detailing the participants’ approaches, investigating
observed patterns and correlations.

We found that the progress in capabilities of available Al
tools leads to better quality of the co-created stories in each
round, with the best submissions currently already reaching
at least the level of mediocre human authors. We showed
that Al experience of the participant and complexity of the
collaborative approach are strongly linked to a high quality
of the resulting text, whereas participant’s literary experi-
ence is irrelevant. However, as the tools are getting more
advanced and easy to use, the complexity effect disappears
and the technological expertise effect may weaken in future.

We identified and discussed some common collaboration
approaches while observing their wide variety, finding that
meaningful balanced collaboration between the human and
the machine is important. However, any of the creation steps
can be automated and there is thus no single point where
the human involvement would be required, and the amount
of Al contribution versus human contribution to the process
can also vary a lot even in the winning stories.

We note that a lot of the input information for our analyses
is self-reported by the participants, our resulting claims thus
need to be taken with some caution.
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Appendix: Example of a short story

Example of a short story from the competition; specifi-
cally, the winning submission from the 3rd round, Kvétiny
se nevraci (Flowers Never Return), by Markéta Fryaufova.

First, we provide a more detailed analysis of the author’s
report of their creative process.

Then, the full story is provided first in its original form
in Czech language, and then as an automated translation by
ChatGPT-5.5. The text consists of the bio of the fictional
author, and then the story itself. The author (the human co-
author) agreed with the text of the story to be made publicly
available.

Analysis of the author’s report

The author listed the Al contribution at 40% in writing the
story and at 15% in designing the fictional author: “Design-
ing the author is mostly my work. (...) The main theme and
narrative development of the story, the emotions, and the
specific wording in most of the letters come from my own
mind. AI helped with the composition and rhythm. It fur-
ther developed the inserts and letters, which I then revised.”

The author reports having some experience with Al, but
not for creative writing. She has written some short stories
privately for herself but none were published.

The author also shared the full conversation
with ChatGPT: https://chatgpt.com/share/
688b380b-aal0-8010-980a-9e9%07c96e9c2

The conversation reveals various details behind the story
that are never explicitly said in the story but only indirectly
hinted at. The conversation also shows that the process is
genuine collaboration, with many interactions between the
user and the Al tool (70 request-response pairs), inspiring
each other and gradually forming and refining the text.

The interaction mainly falls into the “human as editor”
type, with most of the text generated in its first version by
the tool, then manually edited by the human, and finally col-
laboratively refined. The initial input consists mainly of a
rather detailed vision of the fictional author, and a general
setting for the story; the storyline is then developed collabo-
ratively, typically by the Al tool offering some suggestions,
and the human selecting from the suggestions and refining
them according to their preferences.

ChatGPT is also used to provide suggestions and options
on how to proceed, to ask about what to do next, and to pro-
vide feedback on the text. The human provides a lot of feed-
back about style, atmosphere, setting, etc., pushing the Al
tool to make the story more approachable, believable, easy
to identify with, as well as to shape it according to the vi-
sions of the human about what it should be like. At the end,
the Al tool is used to suggest how to shorten the story to fit
within the given length limits, but the final edit is produced
by the human.

Interestingly, the main plot twist of the story is created
collaboratively, with ChatGPT inventing several options for
a plot twist to explain a seemingly non-sensical aspect of the
story, and the user selecting one of the options but modifying
it to make it even more dramatic.

RuZena (nar. 1946)

PiSe o Zendch, co ziistaly samy s détmi v bytech a v tichu. Jeji
pribéhy jsou prosté, ale o to silnéjsi. Misto okdzalych gest
popisuje drobnosti kazdodennich chvil. Popel v cukfence,
studeny radidtor a smich co zaznival do prdzdna. Nyni,
kdy? jeji roky hldsi ddvno po CtyFicitce objevuje své dopisy
z mlddi. RiiZa svymi texty pFipomind, Ze paméi md tvar
prdzdného hrnicku na stole a Ze nejvétsi dramata se Casto
déji v kuchyni mezi dvéma nddechy.
Vypradvi, aby nezapomnéla.

Prolog

Nékdo za ni zavtel dvefte, aniZ by fekl sbohem.

Na perénu to pachlo po desti a uhli. Kufr se ji zaryval do
ruky, v druhé drZzela tasku s buchtama. Maly spal, hlavicku
opfenou o jeji rameno, a ona si v duchu opakovala, Ze to
zvladne.

,,Neotacej se,” fekl tita, ale ona se stejné otocila.

Okno v patie bylo pooteviené. Védéla, Ze za nim uz nikdo
nestoji.

Strojvedouci zapiskal.

RiiZa si sedla k oknu a polozila hlavu na sklo. Prselo. Z
kapsy ji Couhal kapesnik, co ji rdno matka vrazila do ruky,
kdyz naposled zabouchla vratka.

L
Mild mami,

jsme tu.

Byt mdme dvoupokojovy a jsme v piizemi. Smrdi tu to
novotou a lepidlem, i kdyZ uZ tu nékdo pred ndmi bydlel.
Zdchod mdme sice na chodbé, ale asponi vlastni. Zatim tu
wndm akordt jednu pani ze tietiho patra. Rikaji ji Irenka,
ale na Irenu nevypadd. Huli jak tovdrni komin a hdzi vajgly
z okna. Pes ji chodi kadit ke sklepiim, pry je to normdlni.
Venku je vsechno Sedy a vzduch pdchne po site. Dole pod
kopcem huct tovdrna, asi mné brzo pukne hlava. Jd nevim.
Zatim spime Spatné, protoZe se Maly pordd budi, asi to
tu nepozndvd. Ptd se, kdy pojedeme domii... Co mdm
odpovédeét? KdyZ jsme prijeli, méla jsem pordd hlinu za ne-
hty a v taSce buchty od tebe. Vsechno to najednou vypadalo
cizi. Ale ty buchty jsem oh¥dla. A vis§ co? Honza pordd voni
po sené. Taky uZ? je zapsanej u pluku a zitra jde do sluzby.
Musim si najit prdci a Malého ddt do jesli, promin, vim Ze
bys nesouhlasila. Ale tu prdci potFebuju, abychom to do
zacdtku utdhli. Napis, co déldte. A jestli vam chybim aspori
trochu.

Tvoje Riiza

Sedim u okna, vitr mlat{ do parapetu a n¢kde pod nami fve
rddio. U nds se pofad fve. Latkové zaclony se nadzvedavaji
ve vétru a ja potahuji z cigarety. Kouf stoupd z bytu
ven, stoupd vyS, az nad parapet do noci. Voni vyprané
pradlo, jako tehdy, kdyZ jsme sem poprvé piijeli. Jen ten
pach lepidla a betonu je pry¢, ted ho nahradila zatuchlost
zéaclon a cigaretovy dym. Me¢la bych se svléknout, fikdm
si, vyprat Saty, odnést flaSky a vyménit ty podé€lany zaclony.
Misto toho ale zaSmatram pod stolem a vytdhnu obdlky ze
zazloutlého papiru. Prsty pfejizdim po strance, ale zda se
mi tenéi, neZ byvala. Okraj je navlhly a levy riZek se jaksi



ohnul, asi jak jsem je kdysi neomalen¢ sklddala do kredence.
Potihnu po druhé. Radky se mihaji jako titulky staryho
filmu bez zvuku. Z prot&jsiho bytu doléhaji zvuky vecernich
Zprav.

Co bys na to asi fekla?

IL.
Mild mami,

pisu ti mezi pranim a polivkou. Pract prdsek tu smrdr ji-
nak nez doma. Mdm z toho zedreny ruce, ale aspori je tu
teplo — teda kdy? funguje topeni. Radidtory si tu délaj, co
chcou. Rdno je zima jako v kostele a vecer zas hic jak v
ldznich. KdyZ Sel Maly poprvé do jesli, tak mi brecel do
bundy, Ze chce k babicce. Jd vim, Ze bys Fekla, af si ho
nechdm doma. Ale kdo nds uzivi? Honza je pordd pry¢ —
pry nocni, skolent, pry Ze mu to nemdm brdt. Ale co si z
toho vzit, kdy? pFijde domit a citim z néj voriavku, co doma
nemdm? Nasla jsem prdci v prddelné. Je to hned u trati,
rachoti to tam jak peklo. Dvandctky za pdsem, ale baby tam
Jjsou hodny. Jedna, co tam déld uZ tricet let, mi Fikala, Ze
,,tohle mésto Zensky semele, kdy? nebudes driet hubu a zdda
rovné. “ Tak zatim drZim. A zdda mé teda boli slusné. Vis,
co je zvldstni? KdyZ vecer vésim prddlo, nejvic mi vont tvoje
utérka. Méla jsem ji v krabici s hrnkama a nacichla do-
movem. Moznd blbost, ale kdyZ ji drzim, dychd se mi lip.

Napis, co déld tdta. A jestli mds pordd ty fialovy astry u
zdpraZi. Taky napis, jak se md Hana a jestli ji to s tim Jirkou
konecné klape. Myslis, Ze se budu moct brzo podivat domit?
Aspori na otocku. Pozdravuj vsechny.

Tvoje Riiza

Stal trochu vrze, kdyZ na n&j dosedam. Cigareta mi hoii
mezi prsty a popilek pada na lino, mezi drobky od vecefte,
kterou jsem ani neuvafila. Jednu nohu mam pod sebou,
druhou nataZenou, opfenou o studeny radidtor, co nikdy ne-
topi, kdyZ ma. V pokoji je ticho. Jen v délce duni vlak.
Ten nocni, co jezdival kolem pradelny. VZzZdycky jsem si
myslela, Ze do néj jednou nasednu a pojedu pry¢. Na stole
prede mnou leZi dopis. Je rozepsany, se skvrnou od polivky
nebo od kavy. Kdyz ho beru do ruky, trochu se mi chvéji
prsty. Byla jsem tak unavend. VSechno se tenkrét drolilo.
Maly brecel a Honza vonél cizimi parfémy. A tak jsem ti
psala, jako bych tim snad mohla vSechno vratit zpét.

II1.
Mild mami,

Maly md teplotu a povdd pldce. V prddelné mi dali ne-
placeny volno, pry af si to doma srovndm. Tak jsem umyla
okna, vytela sklep a vyménila zdclony. Ted je vecer a ticho,
Jjen slySim ten vlak, co vyjizdi v osm, protoZe poskakuje po
kolejich jak splaseny. Honza se doma moc nezdriuje. Rekla
bych tivic, ale nac. Vis, jak to je, Zenskd to poznd. Maly dnes
nakreslil nds diim. Jenze misto dveii nakreslil plot. ,, Tudy se
nechodi, “ Fekl mi, a tak jsem to prelepila slunickem. Nékdy
si Fikdm, jestli jsem to neuspéchala. Ale pozdé bycha honit.
Pordd mdm tu tvoji utérku. Dneska na ni usnula kocka z
vedlejsiho bytu. Moznd taky vi, odkud voni klid. Napis, jak
je. A jak se md Hanka s malejma. Taky napis, jestli uZ zacalo
prset. Tady je sucho.

Tvoje Riiza

Dnes v noci byla boutka. Blesky fezaly z nebe jako
tenkrat v 1été, kdy nespadlo kapek a pak najednou-prask.
S Malym jsme véeSeli pradlo na balkoné a najednou museli
utikat dovnitt. Ted uZ tu ale neni, pradlo ano, ale smich
détské tvare nikoliv. Sedim pordd u okna. Cigarety mam
schované v cukfence, kam jsem diiv dédvala lentilky. Jednu
si beru, jako by to byl ritudl. Zapalim, potdhnu a snazZim
se prehlusit ticho, které sedd na nabytek jako prach. Ten
tteti dopis... Ten jsem psala v noci. Maly stonal a Honza
byl pry¢. Nevédéla jsem, co diiv. Vzpomindm si, jak jsem
utirala z podlahy rozlity Caj, a pfitom si Septala véty, co bych
ti chtéla napsat. JenZe si je nikdy necetla. Nikdo je necetl.
Jen ja. Potad dokola.

Iv.

Mild mami,

dneska jsem si koupila novy zdclony. Bily, s takovyma
malyma kytickama, co vypadaji jako ty astry, co jsi sdzela
podél plotu. Povésim je hned, jak se ochladi. Honza uZ se
neukazuje. Prej Ze: ,,takhle se ?it nedd*, no bodeji. Shalil
si igelitku a pak ani nerekl Malymu sbohem. Ale uprimné,
moznd je to tak lepsi. Co by tu s nim? Sdm mél furt jen
nocni. Maly... vlastné uZ ne Maly. Psali jsme si naposled
pred dvéma mésici. Pry md prdci ve skladu. Odjel pres
hranice, mami. A ziistal tam. Ani se neohlidl. Ale vi§ co? Jd
mu to nezazlivam. Jesté md Sanci.Tady uZ se jen Cekd. Na
Jjaro. Na viak. Na néci kroky za dverma, ktery stejné nikdy
nezazni. Obcas premyslim, jestli jsi to nakonec neméla lehét
neZ jd. Nemusela jsi vidét, co se se mnou stalo. Jak clovék
vysychd a praskd, kdyZ ho nikdo nezalije. Nékdy mdm chuf
oteviit okno a vylit ven vSechny ty roky. JenZe bych musela
zacit sama sebou. A na to jesté nemdm.

Vsak vis, o cem mluvim, Ze ano, matko

S ldskou,

Tvd RuZa

Zaclona se pohne, i kdyz vitr ddvno ustal. Moznd jen
moje noha, co visi z parapetu, zavadila o latku, kdyZ jsem
zhasinala cigaretu o kraj popelniku. Prsty mam zazloutlé.
Prsty mam staré. Jako by cely Zivot byl jen tenkou vrstvou
popela, kterd se na mé za ty roky nalepila. Divam se do tmy,
ale nevidim nic. Ani sebe. Ani tebe.

Dopisy ted lezi rozloZené po stole, viechny &tyfi. Slova,
co se v nich ldmou, tekla z ruky, kterd jesté véfila. Psala
jsem ti je, protoze jsem méla pocit, Ze mé podrzis, Zze mi
odpovis, Ze tfeba i jen pismenem naznacis, Ze jsem to nezvo-
rala dplng€. Ale tys uZ byla pod hlinou. Zemfelas dva dny
pred tim, neZ jsme odjeli. Tata mi to fekl na peréné. Nechtél,
abych si to rozmyslela. Nechtél, abych zistala. A ja tedy
jela, s kufrem a ztuhlou Celisti. A pak jsem ti psala ty dopisy.
Jako bys byla jen moc daleko, jako by existovala posta az do
nebe.

Tipnu cigaretu a zvednu se. Sdhnu po zaclonéch.

A konec¢né — je strhnu.

Navidy Tvd, RiZa




RuZena (b. 1946)

She writes about women left alone with children in apart-
ments and silence. Her stories are simple, and all the more
powerful because of it. Instead of grand gestures, she de-
scribes the tiny details of everyday moments. Ashes in
the sugar bowl, a cold radiator, and laughter echoing into
emptiness. Now, long past her forties, she discovers letters
from her youth. Through her texts, RiZa reminds us that
memory has the shape of an empty mug on a table, and that
the greatest dramas often unfold in the kitchen between two
breaths.
She tells stories so she will not forget.

Prologue

Someone closed the door behind her without saying good-
bye.

The platform smelled of rain and coal. The suitcase dug
into her hand, and in the other she carried a bag of sweet
buns. The little one was asleep, his head resting on her
shoulder, and she kept repeating to herself that she would
manage.

“Don’t turn around,” her father said, but she turned any-
way.

The upstairs window was slightly open. She knew no one
was standing behind it anymore.

The train driver blew the whistle.

Riza sat by the window and rested her head against the
glass. It was raining. A handkerchief stuck out of her pocket,
the one her mother had pressed into her hand that morning
when she closed the garden gate for the last time.

I

Dear Mom,

we are here.

The apartment has two rooms and we are on the ground
floor. It smells of newness and glue, even though someone
lived here before us. The toilet is out in the hallway, but
at least it is ours. So far I only know one woman from the
third floor. They call her Irenka, though she doesn’t look
like an Irena. She smokes like a factory chimney and throws
cigarette butts out the window. Her dog goes to shit by the
cellar doors, apparently that is normal here. Everything out-
side is gray and the air reeks of sulfur. Down below the hill
the factory roars, I think my head will burst soon. I don’t
know. We sleep badly so far because the little one keeps
waking up, I think he does not recognize this place. He asks
when we are going home... What am I supposed to answer?
When we arrived, I still had dirt under my nails and your
sweet buns in my bag. Suddenly everything looked foreign.
But I warmed up the buns. And you know what? Honza
still smells of hay. He has already registered with the regi-
ment and tomorrow he starts duty. I have to find work and
put the little one into daycare, forgive me, I know you would
not agree. But I need the job so we can survive these first
months. Write and tell me what you are all doing. And
whether you miss me at least a little.

Your RiiZa

I sit by the window, wind beating against the sill, and
somewhere below us a radio is blaring. Everything here is
always blaring. The fabric curtains lift in the wind while I
drag on a cigarette. Smoke rises out of the apartment, higher
and higher above the sill into the night. It smells of freshly
washed laundry, just like when we first arrived here. Only
the smell of glue and concrete is gone now, replaced by stale
curtains and cigarette smoke. I should undress, I tell my-
self, wash the clothes, take out the bottles, and replace those
damned curtains. But instead I grope beneath the table and
pull out the yellowed envelopes. My fingers slide over the
page, though it feels thinner than it used to. One edge is
damp and the left corner bent somehow, probably from the
way I shoved them carelessly into the cabinet years ago. I
take another drag. The lines flicker like subtitles from an
old silent movie. Evening news drift in from the apartment
across the hall.

What would you say to all this, I wonder?

II.

Dear Mom,

I am writing between doing the laundry and making soup.
The washing powder smells different here than at home. My
hands are rubbed raw from it, but at least it is warm here,
well, when the heating works. The radiators do whatever
they want. In the morning it is cold as a church and by
evening hot as a spa. When the little one went to daycare
for the first time, he cried into my coat saying he wanted
his grandma. I know you would say I should keep him at
home. But who would feed us? Honza is always away, night
shifts, training, he says I should not take it personally. But
what am I supposed to think when he comes home smelling
of perfume we do not have here? I found work in a laundry
plant. It is right by the tracks, the noise there is like hell
itself. Twelve hour shifts at the line, but the women there are
kind. One of them, who has worked there for thirty years,
told me: “This city grinds women down if you do not keep
your mouth shut and your back straight.” So for now I am
holding on. And my back hurts properly already. You know
what is strange? When I hang laundry in the evening, your
kitchen towel smells the nicest of all. I had it packed in a
box with mugs and it soaked up the scent of home. Maybe it
is silly, but when I hold it, I can breathe easier.

Write and tell me what Dad is doing. And whether you
still have those purple asters by the doorstep. Also tell me
how Hana is and whether things are finally working out with
Jirka. Do you think I might be able to come home soon?
Even just for a quick visit. Send my regards to everyone.

Your Riiza

The table creaks a little when I sit down at it. A cigarette
burns between my fingers and ash falls onto the linoleum
among the crumbs from a dinner I never even cooked. One
leg tucked beneath me, the other stretched out against the
cold radiator that never heats when it should. The room is
silent. Only the distant rumble of a train. The night train that
used to pass by the laundry plant. I always thought that one
day I would board it and leave. The letter lies on the table
before me. Half written, stained with soup or coffee. When
I pick it up, my fingers tremble a little. I was so tired back



then. Everything was falling apart. The little one cried and
Honza smelled of other women’s perfumes. So I wrote to
you, as if somehow it could bring everything back.

II1.

Dear Mom,

the little one has a fever and keeps crying. The laundry
plant gave me unpaid leave, they said I should sort things out
at home. So I washed the windows, mopped the cellar, and
changed the curtains. Now it is evening and quiet, except
for that train leaving at eight because it rattles along the
tracks like something possessed. Honza hardly stays home
anymore. I could tell you more, but what would be the point.
You know how it is, a woman can tell. Today the little one
drew our house. But instead of a door he drew a fence. “You
do not go through here,” he told me, so I covered it up with
a drawing of the sun. Sometimes I wonder whether I rushed
into all this too quickly. But it is no use crying over spilled
milk. I still have your kitchen towel. Today the neighbor’s
cat fell asleep on it. Maybe it knows where the smell of peace
comes from too. Write and tell me how you are. And how
Hanka and the little ones are doing. Also tell me whether it
has started raining there yet. Here it is dry.

Your RuZa

There was a storm tonight. Lightning sliced across the
sky like that summer long ago when not a single drop fell
and then suddenly, crack. The little one and I were hang-
ing laundry on the balcony and suddenly had to run inside.
But he is no longer here now. The laundry is, but not the
laughter of a child’s face. I still sit by the window. I keep
my cigarettes hidden in the sugar bowl where I once stored
chocolate candies. I take one as if it were a ritual. I light
it, inhale, and try to drown out the silence settling onto the
furniture like dust. That third letter... I wrote it at night.
The little one was sick and Honza was gone. I did not know
what to do first. I remember wiping spilled tea off the floor
while whispering sentences I wanted to write to you. But
you never read them. No one did. Only me. Again and
again.

IV.

Dear Mom,

today I bought new curtains. White ones with tiny little
flowers that look like the asters you planted along the fence.
I will hang them as soon as the weather cools down. Honza
no longer shows up. He said, “You cannot live like this,”
well no kidding. He packed a plastic bag and did not even
say goodbye to the little one. But honestly, maybe it is better
this way. What would he do here anyway? He only ever had
night shifts. The little one... actually not so little anymore.
We last wrote to each other two months ago. He says he has
work in a warehouse. He crossed the border, Mom. And
he stayed there. He did not even look back. But you know
what? I do not resent him for it. He still has a chance. Here
all people do is wait. For spring. For the train. For foot-
steps behind the door that never come. Sometimes I wonder
whether in the end you had it easier than I did. You did not
have to see what became of me. How a person dries out and
cracks when no one waters them. Sometimes I want to open

the window and pour all those years out into the street. But
I would have to begin with myself. And I still cannot do that.

You know what I mean, don’t you, Mother

With love,

Your RiiZa

The curtain moves even though the wind stopped long
ago. Maybe it was only my foot hanging off the sill brushing
the fabric as I stubbed my cigarette out against the edge of
the ashtray. My fingers are yellowed. My fingers are old. As
though my whole life were only a thin layer of ash that has
stuck to me over the years. I stare into the darkness, but I
see nothing. Not myself. Not you.

Now the letters lie spread out across the table, all four of
them. Words breaking apart inside them, flowing from the
hand of someone who still believed. I wrote them to you
because I thought you would support me, that you would
answer, that perhaps with even a single line you would hint
that I had not ruined everything completely. But you were
already under the ground. You died two days before we left.
Dad told me at the station. He did not want me to change my
mind. He did not want me to stay. So I left, with a suitcase
and a stiff jaw. And then I wrote those letters to you. As if
you were only very far away, as if there were a postal service
reaching all the way to heaven.

I stub out the cigarette and stand up. I reach for the cur-
tains.

And finally, I tear them down.

Forever Yours, RiZa



