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Abstract

We address the question of how to build AI agents that behave
ethically by appealing to a computational creativity frame-
work in which output artifacts are agent behaviors and candi-
date behaviors are evaluated using a normative ethics as the
aesthetic measure. We then appeal again to computational
creativity to address the meta-level question of which norma-
tive ethics the system should employ as its aesthetic, where
now output meta-artifacts are normative ethics and candidate
ethics are evaluated using a meta-level-ethics-based aesthetic.
We consider briefly some of the issues raised by such a pro-
posal as well as how the hybrid base-meta-level system might
be evaluated from three different perspectives: creative, be-
havioral and ethical.

Introduction
Artificial intelligence (AI) continues to mature and deliver
on promises 50 years or more in the making, and this de-
velopment has been especially marked in the last decade.
However, as significant as these AI advances have become,
the ultimate goal of artificial general intelligence is yet to be
realized. Nevertheless, a great deal has been said about ethi-
cal issues arising from the development of AI systems (both
the current specialized variety and the yet-quixotic general
variety) that now can or may soon be able to impact human-
ity at unprecedented scale, with predictions ranging from
the possibility of a Utopian post-human immortality to the
enslavement or even annihilation of the human race. Such
discussions appear in every form imaginable, from mono-
graphs (Wallach and Allen 2008; Anderson and Leigh 2011;
Müller 2016) to academic journals (Anderson and Ander-
son 2006; Muehlhauser and Helm 2012) to popular litera-
ture (Kurzweil 2005; McGee 2007; Fox 2009; Coeckelbergh
2014) to government studies (Lin, Bekey, and Abney 2008;
European Parliament, Committee on Legal Affairs 2017).
These treatments almost always take the form of applied
ethics, either to be applied to humans doing the research that
will inevitably lead to an AI-dominated future or to be ap-
plied to the AI systems themselves, or both. These discus-
sions are most often normative in nature. Thus, we currently
face the twin problems:

1. How can we ensure an AI agent behaves ethically?

2. What do we mean by ethical?

To begin with, we will simply postulate an abstract com-
putational creativity (CC) approach for the implementation
of an AI system. That is, we postulate a system whose do-
main of creation is behavioral policy, a system whose out-
put artifacts are goals and/or decisions and/or sequences of
actions. Given this admittedly ambitious premise and us-
ing a CC framework, we will argue the two questions can
be naturally addressed. The question of how to impose an
ethics on such a system can be addressed by implement-
ing the CC system’s aesthetic for evaluating artifacts as a
(normative) ethics. In other words, that ethics acts as the
filter by which the utility of system actions, decisions and
goals is judged. The meta-level question of which normative
ethics ought to be applied as the system’s aesthetic can be
addressed by allowing the system to create a suitable norm,
given some meta-level aesthetic for ethics. That is, we sug-
gest a CC system whose output artifact is a normative ethics
and whose aesthetic is some way to evaluate said norm.

To summarize, we propose an appeal to computational
creativity that answers both of our questions of interest:

1. We can build an ethical AI agent as a computational
creativity system whose output artifacts are goals, de-
cisions and behaviors and whose aesthetic component
is a normative ethics.

2. We can delegate the choice of normative ethics to the
AI agent by implementing a meta-level computational
creativity system whose output artifacts are normative
ethics and whose aesthetic is a meta-level ethics.

Ethical Behavior Invention
The field of computational creativity has been described as
“the philosophy, science and engineering of computational
systems which, by taking on particular responsibilities, ex-
hibit behaviors that unbiased observers would deem to be
creative” (Colton and Wiggins 2012). It has been char-
acterized by attempts at building systems for meeting this
standard in a wide variety of domains, including culinary
recipes (Morris et al. 2012; Varshney et al. 2013), lan-
guage constructs such as metaphor (Veale and Hao 2007)
and neologism (Smith, Hintze, and Ventura 2014), visual
art (Colton 2012; Norton, Heath, and Ventura 2013), po-
etry (Toivanen et al. 2012; Oliveira 2012; Veale 2013),
humor (Binsted and Ritchie 1994; Stock and Strapparava



Figure 1: A CC system embedded in the domain of behav-
ioral policies uses domain knowledge about behavior to gen-
erate candidate policies that are vetted by an ethics-based
aesthetic. Those polices judged to be of value by the aes-
thetic are exported to the domain, becoming viable policies
for an AI agent.

2003), advertising and slogans (Strapparava, Valitutti, and
Stock 2007; Özbal, Pighin, and Strapparava 2013), narra-
tive and story telling (Pérez y Pérez and Sharples 2004;
Riedl and Young 2010), mathematics (Colton, Bundy, and
Walsh 1999), games (Liapis, Yannakakis, and Togelius
2012; Cook, Colton, and Gow 2016) and music (Bickerman
et al. 2010; Pachet and Roy 2014).

Recently an abstract approach to building such a system
for any domain has been proposed (Ventura 2017), with the
goal being an autonomous CC system that intentionally pro-
duces artifacts that are both novel and valuable in a partic-
ular domain. The system has a domain-specific knowledge
base; it has a domain-appropriate aesthetic; and it has the
ability to externalize artifacts that potentially can contribute
to the domain. The system incorporates additional compo-
nents as well, but they will not be important for the current
discussion and the reader is referred to the original paper for
more details.

We consider an AI agent as a CC system whose domain of
creation is behavioral policy, and a simple abstraction of this
idea is shown in Fig 1. The system creates behavior policies
by generated candidate policies based on its domain knowl-
edge, and it evaluates those candidate policies using an aes-
thetic that is a normative ethics. For example, suppose the
system incorporates a simple hedonistic ethics that values
knowledge acquisition as its aesthetic and that it generating
the candidate behaviors read Wikipedia and find charging
station. The former goal will be evaluated more favorably
than the latter and may be output as a viable output arti-
fact if that evaluation is above a threshold. Or, suppose the
system’s aesthetic is implemented as a Kantian-style ethics
focused on the duty of delivering its payload and that it gen-
erates the same two candidate behaviors. Now, neither may
be evaluated very favorably and both might be discarded;

however, if the agent’s power level is too low to allow com-
pletion of a delivery, the latter may instead be selected as a
high-quality behavior.

Given this framework, we can argue that, assuming an ap-
propriate ethics, the system will behave ethically—it will not
produce any actions that do not meet some ethical thresh-
old and are thus judged of high-enough value to be output
as viable. As an obvious example of being above a certain
threshold, an AI agent would not deliver its payload if that
would involve harming someone—a clear example of vio-
lating Kant’s principle that we ought not to treat someone
merely as a means (1994)—or if perhaps it determined that
delivering its payload would prevent another important obli-
gation. Thus, the threshold would be something like help
fulfill the duty to deliver a payload, effectively and on time,
unless doing so would seriously harm another person, etc.
Here we of course run into the problem of prioritization in
the face of conflicting duties. We will say more about this is-
sue shortly, but we will at least note here that it may be desir-
able for an AI agent to have the ability to act in ways that are
analogous to the types of special obligations we have as hu-
mans (while at the same time also allowing creative behav-
iors within certain ethical boundary constraints). For exam-
ple, perhaps a domestic companion robot would give signif-
icantly higher weight to the needs of the person to whom it
is assigned: helping its companion would take priority over
the possibility of helping others. However, we could also al-
low for the possibility of the robot to decide to not help the
assigned companion in certain emergency cases in which an-
other person nearby needed life-saving attention, just as we
would expect a parent to prioritize helping a stranger in se-
rious need over the needs of his or her child in certain cases
(i.e., as long as the need of the child is minor).

This leaves us with two challenges: what is an appropri-
ate ethics and how can it be operationalized? The first of
these is, of course, a fundamental question that is thousands
of years old. The second is much more recent and has likely
only become significant in the past 50 years. Both ques-
tions are beyond the scope of this treatment, but it is likely
the case that there is no single answer to the former ques-
tion, at least with respect to AI systems,1 as most famously
demonstrated by Asimov’s examination of his Three Laws
of Robotics (1950). It is also very possibly the case that a
satisfactory answer to the second question requires and/or
will result in a greater understanding of human ethics. And,
just as in the case of an examination of human ethics, these
questions somewhat naturally lead us to meta-level ethical
questions.

By what principles should our CC system be governed?
One attractive possibility is the adoption of an utilitarian-
consequentialist ethics, due to the conceptual simplicity of
choosing the action that maximizes the overall-good (or at
least brings about the most utility for all those who are con-
cerned). However, such utilitarian-consequentialism faces
the serious objection that it would permit widespread vi-
olation of constraints against harm doing in the name of
such supposed optimization. Examples such as the well-

1And likely with respect to humans as well, actually.



known Transplant scenario illustrate this concern (Kagan
1998). In this scenario, a surgeon would involuntarily sacri-
fice one innocent person to use his organs to save five oth-
ers. Such actions clearly violate serious negative duties (du-
ties not to harm) for the sake of positive duties (duties to
help). While there may well be certain thresholds at which
even non-consequentialists would agree that some such de-
cision would be justifiable, perhaps most people would ar-
gue that there should be near absolute constraints against
such actions. For utilitarian-consequentialism, all that mat-
ters is that the overall harm is minimized. It does not mat-
ter whether negative duties (duties of non-harm) are vio-
lated to minimize harm/maximize utility. However, for non-
consequentialists (deontologists), there is an asymmetry be-
tween negative and positive duties. Negative duties are much
more stringent in the sense that their violation requires an
overwhelming amount of good (or harm prevention) to be
justified. Common sense morality is most likely more in
line with such non-consequentialist intuitions.

When it comes to many everyday ethical decisions,
there is, of course, significant agreement between the ma-
jor ethical approaches: utilitarian-consequentialism, non-
consequentialism (e.g. Kantian ethics) and virtue ethics.
Their divergence becomes obvious only in extreme situa-
tions in which maximizing the overall good violates the most
serious ethical constraints—constraints against harming in-
nocent people, privacy violation, and so on. Cases such as
these are obviously relevant to unavoidable harm scenarios,
such as those faced by self-driving vehicles.2

One ethical framework that might offer a helpful model
for an AI agent ethics is intuitionism.3 Intuitionism holds
that there are categories of prima facie duties that are self-
evident, non-absolute, and always morally relevant. These
duties are non-injury (non-maleficence), beneficence, ve-
racity, fidelity, gratitude, justice, self-improvement, and
reparation.4 For intuitionism, while it is self-evident that
we are morally constrained by these prima facie duties, it is
not always self-evident what is the right action in situations
in which there are conflicting duties at play. Intuitionism
gives us neither a weighted hierarchy, nor a decision proce-
dure for how to choose the right action in such conflicts. In-
stead, it assumes we will need to make a reasoned judgment
to decide which duty (or duties) deserves more weight in a
particular situation. However, it may be possible to come
up with factors that help make such decisions, and a CC AI
agent might be capable of so doing.5 Intuitionism thus offers

2Arguably, these scenarios will be rare. Arguably too, we
should not hold the development of self-driving cars hostage to
these possibilities. As has been often pointed out, around 94%
of serious injuries/fatalities that occur in car accidents come from
human error, which would be greatly reduced were widespread im-
plementation of self-driving cars to become a reality.

3Intuitionism was formulated by the 20th century Oxford moral
philosopher W.D. Ross.

4W.D. Ross (the founder of intuitionism) originally postulated
seven categories of prima facie duties. Here we follow Robert
Audi’s addition of veracity (which for Ross was implied in fidelity)
(Audi 2009).

5Such factors might include the type of special obligations we

some of the flexibility people find attractive in utilitarianism,
while at the same time offering important constraints against
the worst implications that certainly seem to follow from a
straightforward use of the utilitarian maximization principle.

When human agents decide in favor of one moral
rule/principle over another (in such conflict situations), we
assume there should be a plausible account of why such a
decision was made. This is not to suggest that we expect
said person to have pre-emptively produced such a justifica-
tion, nor even that they ever explicitly work-out an account
of why they acted as they did—though in cases where there
was sufficient time for deliberation the person may, indeed,
have thought through such an account. However, we expect
that such justification is possible, at least post hoc. Simi-
larly, we are interested in whether it is possible for an AI
agent to develop something like good ethical judgment (that
can therefore be justified).

The hope is that such an AI agent could find ways to pro-
duce ethical decisions that would be plausible (given cer-
tain constraints) and yet also be surprising in the way that
they solve ethical quandaries, without the necessity of a fully
worked-out super ethics. In other words, we are suggesting
a solution to what Bostrom calls the “ultimate challenge of
machine ethics”—namely, “How do you build an AI which
behaves more ethically than you?” As he writes:

This is not like asking our own philosophers to produce
superethics, any more than Deep Blue was constructed
by getting the best human chess players to program in
good moves (Bostrom and Yudkowski 2014).
If we build into our AI agents governing principles (in-

cluding serious constraints on harm doing) that attempt
to mirror those common and significant ethical principles
shared by the major schools of thought, we will be more
likely to end up with actions that most people would con-
sider ethical. Thus, just as we can characterize a successful
CC system as one that exhibits behaviors that unbiased ob-
servers would deem to be creative, so we could describe a
successful CC system for inventing ethical behavior as one
that behaves such that an unbiased observer would deem it
to be ethical. And, just as computational creative agents will
create in ways that surprise but yet are in harmony with cer-
tain generally determined (domain-specific) principles, so
the hope is that an ethical CC system/agent would, similarly,
be ethical in ways that would surprise us, and yet still be in
harmony with what an unbiased observer would agree is eth-
ically acceptable.

One way to formulate the goal of a CC ethics would be the
production of ethical decisions untainted by human biases
and rationalizations while utilizing the quality of judgment,
sensitivity, and wisdom that we as humans exercise (at our
best) when deciding between conflicting duties.

Normative Ethics Invention
If we can postulate a CC system that creates behaviors and
evaluates their aesthetic value via some ethics, why not pos-

mentioned earlier, as well as other factors such as the magnitude of
consequences, the probability of effect, temporal immediacy, prox-
imity, concentration of the effect, and so on (Jones 1991).



Figure 2: A meta-level CC system for creating normative
ethics whose output artifact (a normative ethics) is used as
the aesthetic in the base-level system of Fig. 1.

tulate a meta-level CC system that creates normative ethics
and evaluates their meta-aesthetic value using some meta-
level ethics? This system naturally solves both of the out-
standing questions above.6 Fig. 2 shows how this meta-level
system is incorporated into the base-level system of Fig. 1.
The base-level, behavioral system appeals to the meta-level,
ethical system to create a “good” normative ethics that it
then uses as its aesthetic to judge candidate actions. For
example, the meta-level ethics might require a well-formed
semantics and justifiability, and candidate normative ethics
that can be shown to have both of these qualities would be
evaluated as (meta-)aesthetically valuable, while those that
possess one of the qualities would be evaluated as less valu-
able.

We are again in a position to argue that, assuming an
appropriate meta-level ethics, the (base-level) system will
behave ethically—it will still not produce any actions that
do not meet some ethical threshold and are thus judged of
high-enough value to be output as valuable (in an ethical
sense). Notably, this argument now does not depend on the
assumption of an appropriate ethics—we have eliminated
this dependency by appealing to the meta-level. However,
of course, we now have an assumption of an appropriate
meta-level ethics, which immediately leads us back to the
same difficult questions applied this time to the meta-level:
what is an appropriate meta-level ethics and can it be oper-
ationalized? While we do not here offer a solution to either
of these conundrums, it is possible that the more abstract
nature of a meta-level ethics might admit fewer viable pos-
sibilities and thus afford us a chance as a field for coming to
an agreement regarding the first problem. On the other hand,
it is also possible that this additional abstraction may have
just the opposite effect for the second problem, introducing

6It solves the questions, assuming, of course, some viable rep-
resentation for normative ethics and some appropriate and opera-
tionalizable meta-level ethics.

additional difficulty in the operationalization of this agreed
upon meta-level ethics.

Assuming we do find suitable answers to both of these
meta-problems, it immediately follows that such an AI sys-
tem could modify its own ethics. Not only is this appealing
from a computational creativity standpoint,7 but also it ad-
mits the potential for an agent to avoid various Asimovian
paradoxes that result when an agent possesses a fixed (nor-
mative) ethics.

Additionally, the implication is that we then should allow
(and even welcome) AI systems that employ as their behav-
ioral aesthetic any (or any combination of) normative ethics
that is valued by the meta-level-ethics-based aesthetic. Cre-
ative norms produced in this way should be valued for their
novelty and value and could even possibly inform human
ethics.

What would a meta-level ethics look like? While a full
treatment of this question is beyond the scope of this paper,
we offer a few possible starting points for such a discus-
sion. At the base level, we could directly appeal to extant
and specific ethical systems—the Golden Rule, Kant’s prin-
ciple of treating others as ends, the utilitarian principle of
maximizing the overall good, or the categories of duty from
intuitionism. Unfortunately, it is less clear what the more ab-
stract analogs would be for candidates to be operationalized
as a meta-level aesthetic. We might consider as a starting
point something like a principle of consistency—a norma-
tive ethics should treat similar situations similarly.

Another possibility might be an attempt at operationliz-
ing something like what has been called a “reflective equi-
librium.” Such an approach, first suggested by John Rawls,
tries to find some sort of balance between the principles
we accept and the intuitions about particular cases we en-
counter. A CC system might construct a model of com-
mon human intuition (whether about trolley problem cases
or other more common cases) through some type of induc-
tive learning. The Moral Machine8 project at MIT is an at-
tempt to do exactly this for the specific case of self-driving
cars. Employing such a model, the system could produce
a normative ethics that is responsive to this (modeled) re-
flective equilibrium. As an example of how such a reflec-
tive equilibrium might work, take something like the Trolley
Problem. As Michael Sandel puts it:

One principle that comes into play in the trolley story
says that we should save as many lives as possible, but
another says it is wrong to kill an innocent person, even
for a good cause. Confronted with a situation in which
saving a number of lives depends on killing an inno-
cent person, we face a moral quandary. We must try
to figure out which principle has the greater weight,
or is more appropriate under the circumstances (Sandel
2009, p. 24).

Here, we must balance the utilitarian principle of save as
many lives as possible with the deontological principle of

7It has been suggested that the ability to change one’s own aes-
thetic is critical for autonomous creativity (Jennings 2010).

8http://moralmachine.mit.edu



avoid harming innocent people, even for a good cause. To
do so, we look for a principle that takes into account our in-
tuitions on the subject. There is thus an interaction between
our principles and intuitions that (hopefully) results in better
principles. Anderson, et al. make a similar point in an essay,
in which they write:

Such an approach hypothesizes an ethical principle
concerning relationships between [our] duties based
upon intuitions about particular cases and refines this
hypothesis as necessary to reflect our intuitions con-
cerning other particular cases. As this hypothesis is re-
fined over many cases, the principle it represents should
become more aligned with intuition (Anderson, Ander-
son, and Armen 2005).

Considering the task of teaching ethics to (human) stu-
dents provides another point of view. Elsewhere it has been
argued that when we teach ethics to students, we need to
focus on principles that are common to all major moral
theories—since what we ought to do (for many common eth-
ical decisions) will be answered in a similar way even by
differing moral theories. For example, one of the best ways
to teach ethics is to attempt to articulate

some of the fundamental moral intuitions and princi-
ples found in almost all moral theories—for example,
that all persons deserve respect and that there are mini-
mal standards in terms of which we all expect others to
treat us and which we in turn can be expected to treat
others, and so on. The important thing is to articulate
claims that most students should find fairly intuitive in
order to strengthen their sense that there are universally
valid, moral principles. The point is not that there are
easy answers or absolute rules to determine every eth-
ical decision, but rather to show students that there are
moral principles that extend beyond individual prefer-
ence, and across contexts, and can guide us in making
such decisions (Gates, Agle, and Williams 2018).

Applying this to our meta-level CC system, if we can find
common abstractions across multiple (base-level) normative
ethics, and if we can formalize those abstractions we will
have the basis for a reasonable approach to meta-level ethics
that should produce normative ethics that will be generally
accepted.

Evaluation
Supposing we could build the hybrid base-meta-level AI
system for ethical behavior, how would we evaluate it? This
can be addressed in multiple ways. First, from a CC point
of view, we would want to know if the system is creative.
How to establish this is still an open question, but there are
several approaches to evaluation of CC systems that have
been proposed. Collectively, these can examine both sys-
tem product and process and include Ritchie’s suggestions
for formally stated empirical criteria focusing on the rela-
tive value and novelty of system output (2007); the FACE
framework for qualifying different kinds of creative acts per-
formed by a system (Colton, Charnley, and Pease 2011); the
SPECS methodology which requires evaluating the system

against standards that are drawn from a system specification-
based characterization of creativity (Jordanous 2012); and
Ventura’s proposed spectrum of abstract prototype systems
that can be used as landmarks by which specific CC systems
can be evaluated for their relative creative ability (2016).

Second, from a behavioral point of view, we would want
to know a) if the system’s behaviors are ethical and b) if
the system’s behaviors are useful. Given that the main argu-
ment here concerns ethical behavior, the former must be the
point of focus, but, given that, the latter will bear evaluation
as well. Evaluating the ethics of such system behaviors is
no more or less difficult than it is with extant AI systems or
with humans.9 Evaluating the utility of system behaviors is
a well-understood problem and can be addressed using tra-
ditional AI evaluation methods, given a particular measure
of utility.

Third, from an ethical point of view, we would want to
comprehend the ethics of the system. Interestingly, given
that the proposed system includes a meta-level for inventing
normative ethics, this suggests the idea of developing a de-
scriptive ethics for such AI systems. For obvious reasons,
this is likely to be somewhat easier than doing so for human
subjects, and at the same time, it is possible that the empir-
ical study of populations of ethical AI systems could shed
light on human ethics as well. For example, it is not dif-
ficult to imagine a large population of agents, all of whom
possess the same meta-level ethics, admitting an empirically
derived, potentially comprehensive description of that meta-
level ethics. If that meta-level ethics is an operationalization
of a cognitively plausible approach to ethics, one might be
able to draw dependable conclusions about a human popula-
tion operating under the meta-level ethics in question. Or,
we might imagine scenarios involving multiple groups of
agents, where each group possesses a different meta-level
ethics, admitting the possibility of differential descriptive
ethics that would likely be impossible with human subjects
yet might yield conclusions that at least partially translate to
such subjects.

Additional Considerations
There are many other interesting angles to consider here. For
example, so far we have implicitly assumed that it is possible
to create a domain-independent ethics. That is, given a meta-
level ethics, an agent can use this as an aesthetic for creating
a normative ethics that can then be applied as an aesthetic
for judging candidate actions, independent of the domain in
which those actions may be applied. The reality of applied
ethics suggests that this assumption is likely incorrect—that
rather than having a meta-level system that creates norma-
tive ethics, we should be thinking about a meta-level system
that creates applied ethics. This means that the agent’s en-
vironment (in a very general sense) must somehow inform
either the aesthetic or the meta-aesthetic (or possibly both).
Perhaps the meta-level can still produce a normative ethics
and the base-level aesthetic can somehow specialize this ap-
propriately for the domain of application. Or, perhaps the

9That is to say, this is likely even more difficult than addressing
the question of the system’s creativity.



meta-aesthetic must incorporate the domain of application,
producing directly an applied ethics as its output artifact. It
is, of course, possible that the same concern applies at the
meta-level and that we can not even hope for a domain-
independent meta-level ethics, but for now we will ignore
this.

Another interesting consideration is the social aspect of
ethics. Jennings makes a rather elegant argument about the
social aspects of creativity and how, somewhat paradoxi-
cally, autonomous creativity requires significant social in-
teraction (2010). Because his arguments center on the aes-
thetic judgment of the agent, they can be somewhat readily
applied to our current discussion. He proposes that an agent
in a social setting will not only have a model of its own aes-
thetic but also will have a model of its beliefs about other
agents’ aesthetics; it is in the dynamic updating of these
models, due to social interactions, that the agent can develop
true autonomous creativity; and, these social interactions
are driven by psychologically plausible mechanisms such as
propinquity, similarity, popularity, familiarity, mutual affin-
ity, pride, cognitive dissonance, false inference and selec-
tive acceptance seeking. Because we are proposing ethics as
aesthetic, we can follow a similar train of thought—an agent
can model not only its own ethics but also (its perception of)
those of all other agents. Social interaction can be a driving
force behind the evolution of ethics, both at the individual
and at the group level.

Yet another area for further study is the computational ten-
ability of the proposed approaches. There is a rather sim-
ple argument for why the general problem of CC may not
be computable that hinges on the decidability of the aes-
thetic (Ventura 2014). If the aesthetic is decidable, then the
problem of generating candidate artifacts and filtering them
with the aesthetic is computable (though efficiency could
certainly still be an issue); however, if the aesthetic is not de-
cidable, there is a simple reduction from the halting problem
that shows that the creation of artifacts is not computable
(in the theoretical computer science sense). This means that
any operationalized ethics or meta-level ethics must be de-
cidable, and given the nature of ethics, it is not clear how
onerous a requirement this may be.10

Conclusion
We’ve proposed an appeal to computational creativity that
addresses the problem of ethical agent behavior, which to
our knowledge is a new way to look at the problem—
suggesting a base-level system for which ethics is employed
as an aesthetic for selecting behaviors coupled with a meta-
level system for which meta-level ethics is employed as a
meta-aesthetic for selecting ethics. This approach is, addi-
tionally, a new application of computational creativity, as,

10Is it possible that recognizing an ethical action is “easy” while
recognizing an unethical action is “hard”? Perhaps society itself
accepts as ethical those actions that everyone deems ethical and
rejects as unethical those that no one deems ethical but isn’t sure
about those with mixed reception. Any operationalized ethics that
accurately models such a scenario will not be decidable given the
existence of all three types of action.

to date, no systems have been proposed for creating in the
abstract domain of general behavior, nor, in particular, in
the domain of ethics. While the current work is a position
statement that asks many more questions than it answers,
we believe the ethics-as-aesthetic approach to the problem
of ethical agent behavior offers at least one, and possibly the
only, way forward.
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